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Collaborative Filtering Recommendation Algorithm Based on Theme Mining
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Abstract: Concerning the problem that the traditional recommendation algorithms ignore the organization of the system in neighbor—
finding according to that the contents of an item have high similarity with its genres Affinity Propagation Clustering was introduced
when calculating new classification based on genres and a method for generating system themes was proposed. The algorithm respec—
tively based on score and time similarity to measure item similarity in the class. For multiple-theme items the theme weight factor was
introduced in the prediction. Based on the above points an improved algorithm based on theme mining was proposed. The experimental
results show that the disadvantages existing in traditional algorithms get improved and the improved algorithm has better recommenda—
tion effects.
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